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Abstract

Donald Trump’s 2024 reelection, coupled with his pro-fossil fuel stance, reshaped
market expectations around U.S. climate policy. Building on shifts seen in the election
of 2016, our event study analyze the reactions of green and brown energy stock
indexes. We observed that Trump’s victory led to gains in brown energy indexes
and declines in green energy indexes, with their differential nearly doubling compared
to 2016. Results reveal an immediate, concentrated market response on election day,
aligning with economic expectations about policy impacts on climate-sensitive sectors.



1 Introduction

Donald Trump was elected to his second term as President of the United States on
November 6, 2024. His previous tenure was marked by a strong stance on deregulation
and an emphasis on traditional energy sources, notably fossil fuels, while rolling back
environmental initiatives established in the Obama era. Trump’s policies included the
U.S. withdrawal from the Paris Agreement, efforts to ease restrictions on oil, gas, and
coal industries, and the appointment of climate change skeptic Scott Pruitt to head the
Environmental Protection Agency (EPA). These actions underscored the administration’s
prioritization of conventional energy sectors over renewable energy. Several studies have
found that Trump’s first presidency had huge impact on climate policy transition risk
(Ardia et al., 2023; Diaz-Rainey et al., 2021; Jotzo et al., 2018)

In his 2024 campaign, Trump continued to advocate for policies supporting energy
independence and economic growth through the development of traditional energy
industries. His pledges to expand oil drilling, provide tax breaks to fossil fuel producers, and
oppose electric vehicle incentives highlight a persistent commitment to reducing regulatory
burdens on fossil fuel industries, which he argues are essential to job creation and U.S.
economic stability.

This study aims to evaluate how the anticipated climate policy shifts associated
with Trump’s reelection impact financial markets, specifically the valuation of green
and traditional fossil (brown) energy stocks. By characterizing asset price responses to
changes in climate policies, our analysis broadens the understanding of how shifts in
political leadership influence investor sentiment toward climate policy transition. Our
study investigates how election outcomes, favoring pro-fossil fuel policies, can alter
investor sentiment and the potential pathways through which these shifts impact green
transformation efforts within the economy.

To explore these dynamics, we employ an event-study methodology by MacKinlay
(1997), ideal for capturing stock price movements surrounding significant announcements.
Our analysis examines how financial markets respond to changes in expected climate policy,
focusing on the differential impacts on green and brown energy stock indexes. This method
provides a unique lens to study climate transition risks, illuminating how policy decisions
favoring fossil fuels influence the valuations of green versus brown energy assets.

Our primary hypothesis is that Trump’s election would lead to negative abnormal
returns (AR) for green assets and positive AR for brown assets on the election day in both
2016 and 2024, given Trump’s strong support for fossil fuels and deregulation. Building
on this, we posit a secondary hypothesis: due to the market’s experience with Trump’s
first term, which clearly prioritized traditional energy policies, investors may have become
more sensitive to green policy expectations. As a result, we expect stronger effects in 2024
compared to 2016, with more pronounced positive returns for brown energy stocks and
sharper declines for green energy stocks.

Our results confirm these hypotheses, revealing significant abnormal returns that favor
brown energy sectors over green. The election day in 2024 showed economically and
statistically significant abnormal returns, particularly in green assets, with little to no



reaction in the days surrounding the election. Cumulative abnormal returns (CAR) around
the election day were significant in isolated cases, but the significant abnormal returns
were concentrated specifically on the election day, indicating a rapid, concentrated market
response.

Notably, the green-brown AR differential on the 2024 election day was double that
observed in 2016, suggesting heightened market sensitivity to Trump’s climate policy
stance. However, despite these amplified effects, both elections displayed similar overall
patterns in market response. Additionally, while the overall energy market reaction in
2016 leaned more negative, in 2024 it leaned more positive regarding Trump’s impact;
nevertheless, this trend did not reach statistical significance at any level.

Robustness tests and alpha correction (See e.g. Harvey et al. (2016), Harvey et
al. (2020), Menkveld et al. (2024) further support these findings, showing consistent
results across different research designs, with statistical significance persisting in both the
green-brown differential and individual green asset performance.

A number of recent studies explore the interconnections between climate change and
financial markets, including Andersson et al. (2016); Wagner et al. (2018); Bernstein et
al. (2019); Bolton and Kacperczyk (2021); Ardia et al. (2023); Addoum et al. (2023).
Our paper complements this growing body of research by showing that green and brown
energy-related stock indexes are heavily influenced by expectations regarding shifts in the
regulatory environment for climate change.

Our study’s novelty lies in examining the abnormal returns of green versus brown
assets specifically in relation to the 2024 U.S. election, making us likely among the first
to analyze this context. Additionally, we compare these findings with those from Trump’s
2016 election, revealing that Trump’s 2024 victory produced a stronger effect on market
expectations than his initial 2016 win.

Moreover, our analysis contributes to the literature on climate policy events and their
effects on asset returns. Prior studies, including (Wagner et al., 2018); Jotzo et al. (2018);
Selby (2019); (Ramelli et al., 2021); Child et al. (2021); Diaz-Rainey et al. (2021), have
examined the impact of Donald Trump’s policies during his previous term. Our research
builds on these works by providing a comparative view of market responses to Trump’s
pro-fossil fuel policies across two election cycles.

The remainder of this paper is structured as follows: Section 2 presents the data
and methodology utilized in our empirical analysis. Section 3 details our examination
of abnormal and cumulative abnormal returns in green and brown energy stock indexes.
Section 4 discusses the main results, focusing on the 2024 and 2016 election comparisons,
along with robustness checks.

2 Data and methodology

To perform the event study, we obtain 11 exchange-traded energy indexes. We follow
Monasterolo and De Angelis (2020) and Bauer et al. (2023) to use these indexes as a proxy
for green and brown energy stock indexes. We collected our daily data from Bloomberg,



excluding weekends and holidays.

We use the event study methodology to evaluate the election effect on the greend and
brown market indexes (MacKinlay, 1997). First, we choose the length of the estimation
window and the event window. The initial reports of Donald Trump’s victory were revealed
on 6th November 2024, thus we choose that date as the event day 7. We examine a
7-days-long event window [—3, 3] between 1st November 2024 and 11st November 2024,
which might comprises expectations leading up to the election day as well as the initial
market reactions after the result. We consider a 250 days long estimation window between
6th November 2023 and 18th October 2024. Our data consists trading days throughout
the study and there is no overlap between the estimation and event period. We omit 2
weeks of daily data between the estimation and event window to avoid possible volatility
rise in the estimation data due to events leading to the election. Hereafter, the notion of
the estimation and event windows are [Ty, 77 — 10] and [T}, T3], respectively.

To measure the impact of the election, we estimate the daily abnormal returns (AR)
and the cumulative abnormal returns (CAR). The daily abnormal returns are estimated
by:

ARi,t - Ri,t - E(R@t), t = Tl, ceey T2 (201)

where R;; is the logarithmic daily return and E(R;;) is the expected or normal returns of
index ¢ during the event window.

We calculate the cumulative abnormal return (C'AR;) for each indexes i, by summing
the abnormal returns (AR;) in the event window.

T>
CAR; = ) ARy, (2.0.2)

t=T1

In order to present the abnormal returns of green and brown factors F' = {f1, fo}, we
calculate the aggregate of abnormal returns (AAR¢,) on day ¢ and the cumulative aggregate
of abnormal returns (CAARy) by taking the arithmetic mean of the Ny components of each
factors. Notice, that Ny is the number of components in the specific factor f, which is 6
for the green factor f; and 5 for the brown factor fs.

1
Fi=
T
CAAR; = ) AARy, (2.0.4)
t=T1



The expected returns are estimated by the market model regression (MacKinlay, 1997;
Binder, 1998). Our baseline model is the value-weighted CRSP US Total Market Index
(CRSP) based market model following Bauer et al. (2023).

The expected return in the market model is E(R;;) = &; + BiRm,t + €+, assuming that
E(e;y) = 0 and var(e;;) = o2. The market return R,,, is derived by CRSP index. The

€
market model parameters ; and J; are estimated through the estimation window for each
indexes by the OLS regression.

Ri,t = dz + B’iRm,t + €ity t = T(), ceey T1 — 10 (205)

3 Results

3.1 Impact of the 2024 Election on Clean and Fossil Energy
Indexes

In this section, we assess the abnormal returns (AR) and cumulative abnormal returns
(CAR) of the broader energy stock market using the aforementioned event study
methodology. First, we evaluate a period of 7 days (1st November 2024 - 11st November
2024) surrounding the event day (7), which covers the effects of precursory news regarding
the election, as well as the immediate aftermath of Trump’s victory.

We hypothesized that electing Donald Trump would lead to an overperformance of
traditional energy stock indexes (brown energy companies) and an underperformance
in green energy stock indexes. This expectation is grounded in Trump’s prior policy
stance, which prioritized deregulation and support for fossil fuels while reversing many
environmental policies. During his previous term, Trump implemented a series of policy
actions aimed at dismantling Obama-era climate initiatives, including the U.S. withdrawal
from the Paris Agreement, and promoted increased fossil fuel production by easing
restrictions on oil, gas, and coal industries (See e.g. Jotzo et al., 2018; Selby, 2019;
Diaz-Rainey et al., 2021; Ardia et al., 2023).

Our results align with expectations and reveal both economically and statistically
significant underperformance in green assets alongside overperformance in brown assets,
specifically on the election day. This is especially evident in clean energy indexes, which
experienced abnormal losses ranging from 6.891% to 14.051% on the event day (Table
1). In contrast, oil and gas indexes recorded moderate yet consistently positive abnormal
returns, indicating favorable market sentiment toward traditional energy sectors.

Notably, no significant abnormal returns, either statistically or economically, were
detected in the days surrounding the election day from 1st November to 11st November,
suggesting that these reactions are tightly associated with the election event itself (Table
1). This focused response highlights the election’s impact as the primary driver, without
extended anticipation or sustained reaction in the subsequent days.



To explore these sectoral differences further, we examined the abnormal returns by
comparing green and brown factors through an aggregated analysis of individual indexes.
On the event day, green stock indexes underperformed brown indexes by a statistically
significant 11.486% as shown in Table 1. However, this pattern of underperformance was
absent before and after the election.
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Table 2: C(A)AR(%) of green and brown factors and the corresponding indexes in 2024

[_3’3] [_272] [_37 _1] [173]
Green Factor -7.986 -8.954* 2.066 -0.983
Nasdaq Clean Edge Green Energy -4.811 -6.874 2.715 0.460
Wilderhill Clean Energy -6.473 -9.655 2.952 0.352
S&P Global Clean Energy -9.409**  -9.063** 1.505 -2.641
World Renewable Energy (Renixx) -4.923 -6.825 1.829 0.914
ISE Global Wind Energy -7.222%%  6.611%F  -0.266 -0.113
MAC Global Solar Energy -15.081*%*  -14.694**  3.660 -4.871
Brown Factor 3.344 3.754 0.939 0.075
S&P 500 Integrated Oil & Gas 1.960 2.647 1.745 -1.028
FTSE Local USA Oil & Gas & Coal 4.545 5.169* 0.563 1.160
FTSE All World Oil & Gas & Coal 1.142 1.534 0.955 -0.562
Dow Jones Select Oil Expl. & Prod. 4.281 4.494 0.590 0.491
Dynamic Energy Expl. & Prod. Intellindex  4.793 4.927 0.842 0.312
Green - Brown -11.331%*  -12.708*%*  1.127 -1.058

Factor values are estimated by the arithmetic mean of the indexes. The p-values are calculated by the
two-tailed t-test. Significance levels on 1%, 5% and 10% are denoted by *** ** and *, respectively.

Our analysis of cumulative abnormal returns (CAR) during the election week window
[—2,2] and the 7-day event window [—3, 3] shows patterns consistent with those observed
on the event day (Table 2). All green indexes showed negative abnormal returns, while
brown indexes displayed positive returns in both windows. The difference between green
and brown factors was statistically significant at the 5% significance level, with CAR of
11.331% and 12.708% for [—3,3] and [—2, 2] event windows, respectively. Although these
results are not as robust as the event day outcomes in terms of statistical significance, they
are economically relevant. The event day’s impact alone accounted for the cumulative
abnormal returns observed over the entire week, reinforcing the strength of the election’s
effect on asset performance.

Comparing CAR over the three-day periods immediately preceding and following the
election day ([—3, —1] and [1, 3]), we observe non-significant cumulative abnormal returns
in all cases (Table 2). On these surrounding days, indexes — regardless of classification as
green or brown — moved largely in tandem, with predominantly positive abnormal returns
in the days leading up to the election and mostly negative returns following it. Although
showing only the cumulative returns, the above-mentioned results are easy to see from
Figure 1 and Figure 2.

Figure 1 and Figure 2 show the cumulative logarithmic returns of the individual indexes
and both green and brown factors, respectively. The event window is marked with the light
grey area, and the event-day with the black vertical line. The last day of estimation window,
18th of October is considered as the initial value 0% in all cases on the figures.
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Figure 1: Cumulative logarithmic returns of green and brown indexes from 18th November
2024 (18th November is the end of the estimation window with 10 days gap between the
estimation and the event window). The dashed vertical line is the event day, and the grey
background indicates the event window. Weekends are included in the figure.

These results suggest that, while green and brown assets exhibited a strong and
distinct reaction on the election day, they did not display significant divergence before
or sustained divergence after the event. This short-term response to the election implies
an immediate market reassessment of sectoral valuations in light of the anticipated climate
policy direction, without reflecting a broader market consensus on the green-brown energy
divide prior to the event or projecting any extended trend for these assets.

3.2 Comparative Analysis: The 2024 and 2016 Elections

To deepen our understanding of market reactions to political events that impact energy
and environmental policy, this section examines the 2016 U.S. presidential election, which
initiated president Trump’s first term. Like the 2024 election (See e.g. Wagner et al., 2018;
Diaz-Rainey et al., 2021; Ramelli et al., 2021), this event was expected to bring significant
shifts in climate and energy policy, providing a historical benchmark to compare against
the 2024 results. This comparison allows us to assess immediate asset responses, detect
any evolution in market perception of green versus brown energy assets, and determine
whether the 2024 reaction reflects a broader trend or aligns with past expectations.

Following Ramelli et al. (2021), we consider November 8, election day, as the event day;
however, market effects only materialized on November 9.
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Figure 2: Cumulative logarithmic returns of green and brown factors from 18th November
2024 (18th November is the end of the estimation window with 10 days gap between the
estimation and the event window). The dashed vertical line is the event day, and the grey
background indicates the event window. Weekends are included in the figure.

The 2016 results share similarities with 2024: green assets underperformed consistently
on the event day, while brown energy stocks showed mixed performance, often statistically
insignificant (Table 3). The abnormal return of green factor was negative and statistically
significant, while the brown factor was positive but not significant at conventional
significance levels. The difference between green and brown assets was statistically
significant at the 1% level, though in 2024, the effect doubled in magnitude (Table 3). This
suggests that market participants may have anticipated worse outcomes in 2024 regarding
climate policy, based on experiences from Trump’s first term, leading to stronger reactions.

Interestingly, as shown in Figures 3, 4 (with detailed data in Tables 6, 7, and 8 in
the Appendix), the market reaction in 2016 trended downward for both green and brown
indexes after the event day, while in 2024, brown assets trended upward, even green assets
recovered somewhat. It is important to note, however, that these results lack statistical
significance according to our CAR results in Table 3.

Further examining the CAR over the 7-day event window [—3, 3] in Table 3, we see that
no index in 2016 exhibited positive CAR, even for brown indexes. These results were not
statistically significant, including the green versus brown factor. By contrast, 2024 results
are more straightforward and align with our hypothesis and economic intuition.



Table 3: Comparing green and brown factors and the corresponding indices for 2016 and
2022

T T+1 [—3, 3]
2016 2022 2016 2022 2016 2022
Green Factor -0.111  -9.207***~4.639** -0.360 -6.939* -7.986
Nasdaq Clean Edge Green Energy -0.185  -8.155%* -2.458 -0.729 -0.837 -4.811
Wilderhill Clean Energy 0.763  -9.959%**.3.387* -0.950 -2.657 -6.473
S&P Global Clean Energy -0.154  -8.362***-6.093***.0.111  -10.711**-9.409**
World Renewable Energy (Renixx) — -0.527  -7.825%#%.5235%* _0.287  -8.164* -4.923
ISE Global Wind Energy -1.222  -6.891**%*.4.309*** 1.050 -9.219%* -7.222%*
MAC Global Solar Energy 0.658  -14.051*%*¥.349** -1.131  -10.048* -15.081**
Brown Factor -0.551 2.278% 0.494 -0.579 -2.652 3.344
S&P 500 Integrated Oil & Gas -0.380 1.198 -0.536 -0.331 -2.195 1.960

FTSE Local USA Oil & Gas & Coal -0.910 2.780** 0.905 -0.583  -2.536 4.545
FTSE All World Oil & Gas & Coal  -0.094 0.705 -0.837 0.014 -4.730 1.142
Dow Jones Select Oil Expl. & Prod. -0.804 3.135%% 1.006 -1.146 -2.980 4.281
Dynamic Energy Expl. & Prod. -0.569  3.574** 1.933 -0.848 -0.819  4.793
Green - Brown 0.440  -11.486**#5.133*** 0.219  -4.287  -11.331**

Factor values are estimated by the arithmetic mean of the indices. The p-values are calculated by the
two-tailed t-test. Significance levels on 1%, 5% and 10% are denoted by ***, ** and *, respectively.

3.3 Robustness Testing: Study Design and Multiple Testing
Adjustments

We apply hypothesis tests to each individual time-series, which inflates the probability of
Type I error, increasing the chance of finding statistically significant abnormal returns by
chance. To address this multiple testing problem, we use the Bonferroni correction (Holm,
1979) and the Benjamini-Hochberg (BH) false discovery rate (Benjamini & Hochberg, 1995)
to assess the robustness of the abnormal returns on November 6, 2024.

The Bonferroni correction reduces the risk of Type I errors by setting a stricter
significance threshold; here, the chosen significance level (a = 0.05) is divided by the total
number of tests (m = 14). Although this correction is highly conservative and can lead to
a higher rate of false negatives, particularly with numerous tests, we argue that the results
remaining significant under Bonferroni correction are likely to be relevant. In contrast, the
BH procedure, which is designed to control the False Discovery Rate (FDR), ranks the
p-values in ascending order and adjusts the significance threshold for each p-value based
on the formula % -, where ¢ is the rank. Hypotheses with p-values below this adaptive
threshold are rejected.

Table 4 presents the t-statistics and corresponding p-values of the abnormal returns
for green and brown assets on the event day for the 2024 election. Notably, neither the
Bonferroni nor the BH correction shows significant ARs for the brown factor or its indexes.
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Figure 3: Cumulative logarithmic returns of green and brown indexes from 25th October
2016 (25th October 2016 is the end of the estimation window with 10 days gap between
the estimation and the event window). The dashed vertical line is the event day, and the
grey background indicates the event window. Weekends are included in the figure.

However, significance is observed for most green indexes, as well as for the difference
between green and brown factors.
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Figure 4: Cumulative logarithmic returns of green and brown factors from 25th October
2016 (25th October 2016 is the end of the estimation window with 10 days gap between
the estimation and the event window). The dashed vertical line is the event day, and the
grey background indicates the event window. Weekends are included in the figure.
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Table 4: T-statistics and p-values with Bonferroni and BH adjustments (5%)

t (p-value) Bonferroni BH (5%)

(5%)

Green Factor -5.60994 X X
(0.00137)

Nasdaq Clean Edge Green Energy -3.68594 X
(0.01026)

Wilderhill Clean Energy -3.93381 X
(0.00768)

S&P Global Clean Energy -6.28721 X X
(0.00075)

World Renewable Energy (Renixx) -4.67552 X X
(0.00341)

ISE Global Wind Energy -6.85963 X X
(0.00047)

MAC Global Solar Energy -6.41372 X X
(0.00068)
Brown Factor 2.15694
(0.07439)
S&P 500 Integrated Oil & Gas 1.06674
(0.32712)
FTSE Local USA Oil & Gas & Coal 2.55763
(0.04305)
FTSE All World Oil & Gas & Coal 0.81155
(0.44804)
Dow Jones Select Oil Expl. & Prod. 2.46914
(0.04851)

Dynamic Energy Expl. & Prod. Intellindex  3.10450 X
(0.02100)

Green - Brown -6.98174 X X
(0.00043)

The column "t (p-value)" shows the t-statistics with corresponding p-values. The "Bonferroni (5%)" and
"BH (5%)" columns indicate significance based on Bonferroni and Benjamini-Hochberg (BH) adjustments
at the 5% level, respectively.

To further assess the robustness of our findings, we acknowledge that research design
choices can introduce variability and uncertainty into the results (Menkveld et al., 2024).
In event studies, key parameters such as the event window length, estimation window
length, and the gap between these two windows are influential in determining outcomes
(MacKinlay, 1997; Binder, 1998).

We have already explored variations in event window lengths by incorporating multiple
CAR lengths, which provide insights across different time horizons. Initially, we used
an estimation window of 250 days with a 10-day gap between the estimation and event
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windows. However, to further evaluate the robustness of our findings to these design
choices, we examined additional configurations for the abnormal return of the event day:
estimation windows of 120, 250, and 500 days, along with gaps of 1, 10, and 20 days.

Figure 5 presents the results for the difference between green and brown factors
across these design variations. Interestingly, despite altering these parameters, our results
demonstrate minimal sensitivity to these changes. Specifically, we observe that the
differences between green and brown factor AR remain consistent regardless of the chosen
estimation and gap window lengths on the election day. This consistency suggests that our
findings are robust and not substantially influenced by the study design.

Examining the distributions of the underlying green and brown indexes across these
combinations, as depicted in Figure 6, reveals a similar pattern. The distribution of returns
appears stable and largely independent of the research design, reinforcing that the observed
effects are not an artifact of specific methodological choices.

120

-11.29%

-11.38% -11.49% -11.54%

Length of Estimation Window (Days)
250

500

1 10 20
Days Between Estimation and Event Window

Figure 5: Abnormal returns of green - brown factors on 6th November 2024
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Figure 6: Abnormal returns of green and brown indexes on 6th November 2024. EW is
an abbreviation for estimation window length, DB is for the difference between estimation
and event window length.
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4 Conclusion

This study examined the impact of Donald Trump’s 2024 election on financial markets,
with a specific focus on the valuation of green versus brown energy stock indexes, using an
event study methodology to capture abnormal returns surrounding the election day. Our
analysis covers the 2024 election event window from 1st November to 11st November, with a
comparison to the 2016 election for additional context. We also conducted robustness tests
to ensure the reliability of our findings across various research designs, with a particular
focus on minimizing the risk of statistical anomalies by focusing on the control of alpha
inflation.

Our results validate our hypotheses and align with economic intuition regarding how
green assets react to possible policy shifts favoring traditional energy. Specifically, we
observed significant abnormal returns on the 2024 election day, with green energy indexes
showing marked underperformance and brown energy stocks displaying positive gains.

Notably, the green-brown AR differential doubled in magnitude in 2024 compared to
2016, indicating that investors may have internalized Trump’s policy trajectory from his
previous term and adjusted their expectations more sharply in response.

The cumulative abnormal returns (CAR) around the election day were generally less
pronounced and appeared concentrated on the election day itself, suggesting an immediate,
focused market reaction to Trump’s pro-fossil fuel stance.

Additionally, while the overall energy market leaned negatively in 2016, it showed a
slight positive shift in 2024, though this trend did not achieve statistical significance.

In a broader sense, these findings contribute to the understanding of how anticipated
policy shifts, particularly those associated with a pro-fossil fuel administration, influence
investor sentiment and sectoral valuations in climate-sensitive industries. By characterizing
asset price responses to shifts in climate policy, our study offers insights into how political
leadership transitions can impact the pace of the green transition within financial markets.

These results suggest that market sentiment toward green and brown assets is heavily
shaped by the perceived regulatory and operational landscape, highlighting the critical role
of government policies in steering investment trends. As political decisions continue to play
a central role in shaping climate-related risks and opportunities, our findings underscore
the importance of investor awareness of transition risks and the potential for policy-driven
shifts in asset valuation.

Future research could broaden this analysis by examining a wider range of green and
brown assets, potentially extending to individual stock-level data to capture more granular
market reactions. Additionally, while our analysis focused on short-term effects due to
data constraints, Ramelli et al. (2021) highlights the long-term impact of Trump’s policies
following his 2016 election. Future studies could investigate these extended effects to
capture evolving market responses over time.
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Table 7: C(A)AR(%) of green and brown factors and the corresponding indexes in 2016

[_3’3] [_272] [_37 _1] [173]
Green Factor -6.939* -6.171* -1.336 -5.494
Nasdaq Clean Edge Green Energy -0.837 -4.158 0.208 -0.867
Wilderhill Clean Energy -2.657 -3.299 -2.028 -1.371
S&P Global Clean Energy -10.711%*  -8.224%*%  -1.145 -9.426%*
World Renewable Energy (Renixx) -8.164* -6.593 -1.082 -6.562
ISE Global Wind Energy -9.219%*  _8.086**  -0.797 -7.207*
MAC Global Solar Energy -10.048*  -6.665 -3.171 -7.534
Brown Factor -2.652 -1.963 -0.741 -1.336
S&P 500 Integrated Oil & Gas -2.195 -1.231 0.073 -1.845
FTSE Local USA Oil & Gas & Coal -2.536 -2.197 -0.592 -1.022
FTSE All World Oil & Gas & Coal -4.730 -2.892 -0.994 -3.625
Dow Jones Select Oil Expl. & Prod. -2.980 -2.510 -0.825 -1.330
Dynamic Energy Expl. & Prod. Intellindex -0.819 -0.985 -1.366 1.141
Green - Brown -4.287 -4.208 -0.595 -4.158

Factor values are estimated by the arithmetic mean of the indices. The p-values are calculated by the
two-tailed t-test. Significance levels on 1%, 5% and 10% are denoted by *** ** and *, respectively.
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