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INTRODUCTION The pharmaceutical counterfeiting cause increasing problems on the pharmaceutical market [1]. Illegal or counterfeit drugs are
manufactured under the full exclusion of GMP regulations. These may contain unknown 1mpurities and lower amount of active ingredients typically. The counterfeit
products may cause ineffectiveness or have low to no bioavailability and even serious side effects.

Vibrational spectroscopic techniques such as Raman or near-ifrared combined chemometrics are used in many aspects of the pharmaceutical industry [2,3] and are
applied for fake drug analysis [4,5]. Some kind of classification or pattern recognition methods are applied 1n most of cases to distinguish counterfeit and genuine
products [6,7]. Thc chemical imaging technique can be utilized to obtain spatial distribution of unknown components using multivariate curve resolution or factor
analysis methods [8]. Hence, besides extracting qualitative composition without any apriori information, these combined tools have addition benefit in exploration of
manufacturing technologies.

Model set 1: model tablets contained 10% imipramine as active ingredient (API), 76% microcrystalline cellulose (MCC), 10% maize starch, 3% hydroxypropyl-methyl-cellulose (HPMC)

- and 1% magnesium stearate. Manufacturing technologies: ‘D’ tablets - dry homogenization and direct compaction (Fette EX1 eccentric press), ‘HS’ tablets - wet high-shear granulation
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